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Synaptic Conductance
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Synaptic current from a train of spikes
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Synaptic current from a train of spikes
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Rate Based Model
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Firing rate function
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Firing rate function
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Firing Rate Model
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Cable Theory for the Dendrite
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Dendrite processing
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Dendrite Filtering of Synaptic Input
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Dendrite Filtering of Synaptic Input
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Dendrite Filtering of Synaptic Input
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Dendrite Filtering of Synaptic Input
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History Dependent Effect
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History Dependent Effect
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Synaptic Depression and Facilitation
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Synaptic Depression and Facilitation
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Axonal Propagation Delay Model
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Axonal Propagation Delay Model
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Traveling Waves
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Stability
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Linear Stability
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Linear Stability
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Stability of Traveling Wave
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Stability of Traveling Wave
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Stability of Traveling Wave
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Traveling bumps and their collisions

(Lu, Sato & Amari, 2011)



Collision of bumps (1)
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Collision of bumps (3)
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Control of moving bumps
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Bump: Stationary Pulse Solution
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Existence of Bumps
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Bump with the smaller width is unstable
and the other one is stable.
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